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Abstract: There exists an increasing demand for online education; however, faculty may question the value of
online courses as they grapple with making a connection between the face-to-face classroom and the online
learning experience. Much research has focused on factors relating to student engagement, although we posit
that faculty engagement represents an important aspect in the online learning context that has been fairly
overlooked in the engagement research stream. Therefore, understanding the factors that influence a faculty’s
intention to teach an OL course in addition to their level of engagement in teaching an online learning course is
vital to the growth and success of an OL program. Therefore, in this study, we seek to not only understand the
factors that influence faculty’s intention to teach online learning courses but also an instructor’s level of faculty
engagement in online learning courses. We sought a novel lens with which to examine this phenomenon, so this
study utilizes the perceived characteristics of innovation (PCl) to examine the relationships between faculty
engagement and intention to teach online learning courses. We conducted a survey of 99 instructors from a
large public university in order to assess the impact of PCl on faculty engagement and intention to teach online
courses. Structural equation modeling (SEM) was employed to analyze the data, concluding that result
demonstration, relative advantage, and compatibility influence a faculty’s level of engagement in an online
learning course, which in turn influences their intention to teach an OL course. We discuss how this research can
be utilized in order to more effectively allocate scarce resources by focusing on the relative advantage of online
learning, the measurability of online learning, and the way in which it can be compatible with instructors
teaching preferences. We present this study to enable the beginning of a new stream of research into faculty
engagement.

Keywords: online learning, faculty engagement, perceived characteristics of innovation (PCl), engagement,
structural equation modeling, online education

1. Introduction

More than 770 million learners worldwide have been impacted by university and school closures (Zhong, 2020),
and many of them are now engaged in online learning (OL). Even before the COVID-19 pandemic, online learning
increasingly played an important role in higher education (Freeman and Urbaczewski, 2019) and was expected
to grow to a $325 billion market by 2025 (McCue, 2018); we posit that number will now increase. The rise of the
Internet has created new ways of delivering courses to students including hybrid and online course delivery
methods. There are more technology-related online courses than any other subject (The Chronicle of Higher
Education, 2019). As information technology is rapidly evolving, students have become more interested in taking
online courses while we are experiencing a digital revolution (Kaplan and Haenlein, 2016).

Students have begun to demand increased online course offerings for several reasons (Palvia et al., 2018,
Wolverton, Hollier and Lanier, 2020). One of the reasons is that OL courses provide more flexible access to
content, and instruction can be provided anytime and anywhere (Angiello, 2010, Coyner and McCann, 2004).
Therefore, OL courses tend to be popular among students with jobs and families (Allen and Seaman, 2016, Lyons,
2004). For most of these students, an OL program represents their only path to a degree. Some OL students live
in rural areas, do not have access to reliable transportation, face restricting disabilities, or find themselves with
demanding family obligations (Li, Chen and Wu, 2020). An OL education may represent the only method in which
the student is able to obtain an education (Palvia et al., 2018). Therefore, over 70% of universities consider
online learning as critical for long-term educational success (Carraher-Wolverton and Zhu, 2020) and a ‘core
business’ of the university (Stone, 2017).
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Online education has been extensively researched during the last two decades. Many studies on online
education have concentrated on students, focusing on topics such as the learners’ decisions to accept online
learning and their satisfaction with online learning (Ahmed, 2010). Although it is clear that students play role in
online learning, we postulate that researchers have neglected the importance of faculty (Meyer and Murrell,
2014, Tanis, 2020, Tanner, Noser and Totaro, 2009). There exists a dearth of studies that examine faculty’s role
in online programs. As little is known about the faculty who will teach these online courses, we seek to fill this
gap in the literature.

Many faculty have expressed skepticism and disinterest in online education (Carraher-Wolverton, 2021,
Kebritchi, Lipschuetz and Santiague, 2017, Osika, Johnson and Buteau, 2009). Instructors often face lack of
empowerment in development of their online course content, as they are encouraged to adopt predefined
content (Kebritchi, Lipschuetz and Santiague, 2017). They also indicate that the responsibility that comes with
the OL courses is more, or at least the same, as their counterpart face-to-face courses (Howell, Williams and
Lindsay, Kebritchi, Lipschuetz and Santiague, 2017, Schwarz and Zhu, 2015). Furthermore, faculty cite an
increase in communication challenges in online courses, as technology inhibits their ability to read non-verbal
cues from students (Coppola, Hiltz and Rotter, 2002, Limperos et al., 2015).

As the demand for online course offering increases, teaching online has become an expectation of faulty
members in recent years. When the COVID-19 pandemic occurred, essentially all instructors became online
instructors overnight. However, Bolliger and Wasilik (2009) indicated that online instruction is a complex
undertaking and requires a higher level of commitment from faculty. Many instructors, whether they have
taught online courses or not, feel that they did not enjoy it as much as teaching face-to-face classes (Carraher
Wolverton and Guidry Hollier, 2019).

Indeed, only 9% of instructors prefer to teach a 100% online course (Darby, 2019, Pomerantz and Brooks, 2017).
Some instructors have attempted to teach online but struggled with learning new technology (Osika, Johnson
and Buteau, 2009) or were never offered training on the online technology (Kebritchi, Lipschuetz and Santiague,
2017). Moreover, technology can become a distraction in the course when it fails or is unreliable (Chang, Shen
and Liu, 2014, Crawley, Fewell and Sugar, 2009). Instructors often grapple with making the connection between
the face-to-face classroom and the online learning experience (Carraher Wolverton and Tanner, 2019). Some
instructors are concerned about student teaching evaluations, as they are not physically engaging with their
students in the same way as a face-to-face classroom. Indeed, less than 30% of faculty members accept the value
and legitimacy of online education (Allen and Seaman, 2016).

It is clear that there is a growing unmet demand for online education and on the other hand the level of faculty
members’ willingness to teach online is relatively low (Kebritchi, Lipschuetz and Santiague, 2017). Therefore,
understanding the factors that influence a faculty’s intention to teach an OL course in addition to their level of
engagement in teaching an online learning course is vital to the growth and success of an OL program. Hence,
the purpose of this study is to determine the factors that influence a faculty’s level of engagement in teaching
an OL course in addition to their intention to teach OL courses. As certain factors influence an individual’s
decision to adopt a particular innovation, we posit that online classes can represent an “education innovation”.

2. Literature Review

2.1 Perceived Characteristics of Innovating (PCI)

Multiple theories are available to explain the diffusion or adoption of technological innovations. These theories
include the Technology Acceptance Model (TAM) (Davis, 1989), the Unified Theory of Acceptance and Use of
Technology (UTAUT) (Venkatesh et al., 2003), Diffusion of Innovation (DOI) (Rogers, 1983, Rogers, 2010),
Process-based view of information technology (IT) acceptance (Schwarz et al.,, 2014), and Perceived
Characteristics of Innovating (PCI) by Moore and Benbasat (1991). According to Rogers (1983), the rate of
adoption is the relative speed with which an innovation is adopted by members of a social system. It is measured
by the number of individuals who adopt a new idea in a specified period. The rate of adoption is a numerical
indicant of the steepness of the adoption curve for an innovation. Rogers (1983) also demonstrates that the rate
of adoption can be strongly dependent on a number of characteristics of an innovation itself such as relative
advantage, compatibility, complexity, trialability, and observability.
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Studies in the online education research stream have applied well-accepted technology-acceptance models such
as TAM (Liu et al., 2010, Ndubisi, 2006, Ndubisi and Chukwunonso, 2004) to predict intention of faculty to
participate in online education. Similarly, we seek to apply a well-accepted technology-acceptance model to
online education research. However, we are examining the phenomenon from the lens of the faculty, rather
than the student, in order to determine the faculty’s level of engagement and intention to participate in online
education.

We selected the Perceived Characteristics of Innovating (PCl) as studies indicate that it explains substantially
more variance than does TAM (Plouffe, Hulland and Vandenbosch, 2001, Poong and Eze, 2008) and it is more
robust than TAM (Poong and Eze, 2008). Moore and Benbasat’s (1991) PCl has been utilized to predict adoption
of technology innovation in different industry settings. For example, Yaacob and Yusoff (2014) employed the PCI
to examine the factors associated with the adoption perceived by trainer and trainees in computer-based
training. They found that a positive relationship exists between PCl and adoption. Kim, Park and Lee (2017)
utilized the perceived characteristics of innovation to investigate consumers’ intention to use Buy-Online, Pick-
up in Store (BOPS). They found that relative advantage, complexity, compatibility, and risks involved in online
shopping are important factors influencing consumers’ intention to use BOPS. However, these relationships
were significantly moderated by locational convenience and types of product. Hashem and Tann (2007) studied
the impact of three groups of factors on the adoption of ISO 9000 standards by manufacturing companies. The
three groups of factors are characteristics of innovation, characteristics of the external environment, and
organizational characteristics. Their result demonstrates each of the three groups of factors are significantly
related to the adoption of ISO 9000.

The application of the Perceived Characteristics of Innovation can also be found in Chung and Holdsworth’s
(2012) study to investigate the relationship of the determinants of behavioral intent to adopt mobile commerce
among the Y Generation. The researchers utilized structural equation modeling to test for construct validity and
hypothesis testing. They concluded that Rogers’ five perceived characteristics of innovation determined
behavioral intent to adopt mobile commerce among the Y Generation. Thus, PCl has been applied in various
contexts, and we seek to extend its application to examine the innovation of online learning.

In this study, we seek to apply the PCl to examine the adoption of the innovation of online learning. Specifically,
we will employ PCl to determine the factors that influence a faculty’s level of engagement in teaching an online
learning course in addition to his/her intention to teach online learning courses. The issues surrounding a
faculty’s intention to teach online learning courses represents an important issue to address as the demand for
online learning programs continues to increase (Freeman and Urbaczewski, 2019).

2.2 Faculty engagement

Engagement can be conceptualized by absorption, dedication, and vigor (Schaufeli, 2013, Schwarz and Zhu,
2015). Scholars have studied employee engagement (Saks, 2006, Schaufeli et al., 2002), student engagement
(Kahu and Nelson, 2018, Schaufeli et al., 2002), and customer engagement (Prentice, Wang and Loureiro, 2019).
Although most pedagogical research on engagement has focused on factors relating to student engagement
(Schwarz and Zhu, 2015, Wolverton, 2018), we seek to extend the engagement research stream to address
faculty engagement.

Understanding whether certain factors influence a faculty’s level of engagement in a course and intention to
teach an online course represents an important inquiry. We posit that the addition of the faculty engagement
construct adds a related dimension whose importance has been clearly demonstrated on the student side and
we postulate will be salient in the faculty decision as well. Therefore, we seek to not only understand the factors
that influence faculty’s intention to teach online learning courses but also an instructor’s level of faculty
engagement in OL courses.

3. Methodology

3.1 Survey development

We developed an online survey to collect data for our study, creating items for all the constructs to be studied.
We adapted Moore and Benbasat’s (1991) characterization of the Perceived Characteristics of Innovating (PCl)
concepts to incorporate the OL context. Thus, we extend PCl from evaluating the adoption of technology to
include evaluating an instructor’s adoption of teaching an OL course.
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The items utilized to measure faculty engagement were adapted from Schaufeli et al.’s (2002) established multi-
dimensional student engagement measure, including absorption, dedication, and vigor. The behavioral intention
(BI) measure was adapted from Venkatesh and Davis (2000). The construct names and items for the constructs
are summarized in Table 1.

Table 1: Construct measures

Measures Anchors References
Faculty Engagement Strongly Agree- | Adapted from

Strongly Disagree Schaufeli et al
Vigor (VI) 2002

1.  When Igetup inthe morning, | feel like teaching my online course.

2. When teaching my online course, | feel bursting with energy.

3. When working on teaching my online course | always persevere, even
when things do not go well.

4. | can continue for very long periods at a time when working on
teaching my online course.

5.  When working on teaching my online course, | am very resilient,
mentally.

6.  When teaching my online course | feel strong and vigorous.

Dedication (DE)

To me, working on teaching my online course is challenging.
Teaching my online course inspires me.

| am enthusiastic about teaching my online course.

I am proud of the work that | do to teach my online course.

| find teaching my online course to be full of meaning and purpose.

vk wN e

Absorption (AB)
1. When | am teaching my online course, | forget everything else around

me.

2. lget carried away when | am working on teaching my online course

3. It is difficult to detach myself from working on teaching my online
course.

4. | getimmersed in working on teaching my online course.
5. | feel happy when | work intensely on teaching my online course.

Intention to teach an online course Strongly Agree- | Venkatesh and
1. lintend to teach an online course in the future. Strongly Disagree Davis 2000

2. | predict that | would teach an online course if | were asked.

Perceived Characteristics of Innovating (PCl) Strongly Agree- | Adapted from
Voluntariness Strongly Disagree Moore and
1. My Department Chair or Dean does not require me to teach online. Benbasat 1991

2. Although it might be helpful, teaching online is certainly not
compulsory in my job.

Relative Advantage

1. Compared to traditional (face-to-face) teaching, teaching online...
2. takes less time

3. provides a higher-quality teaching experience

4. iseasier

5. makes me a more effective instructor

6. gives me greater control over my work

Compatibility

1. Teaching online is compatible with the way | work.

2. Ithink that teaching online fits well with the way I like to work.
3. Teaching online fits into my work style.

Image

1. People at my university who teach online have more prestige than
those who do not.

2. People at my university who teach online have a high profile.

3. Teaching online is a status symbol at my university.
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Measures

Anchors

References

Ease of Use

1. 1 believe that it is easy to
Overall, | believe that teaching online is easy.

2. Becoming comfortable teaching online was/would be easy for me.

teach online.

Result Demonstrability

1. | would have no difficulty telling others about the benefits of teaching
online.

2. | believe | could communicate to others the consequences of not
teaching online.

3. The benefits of teaching online are apparent to me.

4. | would have difficulty explaining why teaching online may or may not
be beneficial.

Visibility

1. At my university, | am aware that many instructors are teaching online
courses.

2. Teaching online is often discussed at the university.

Trialability

1. Before deciding whether to teach online, | was familiar with what it
would involve.

2. | was provided with adequate training about how to teach online.

3.2 Data collection

In order to test the proposed research model, an online survey was created to collect data for this study. We
sent 821 invitations to instructors from seven different colleges, including instructors who currently teach online
and those who do not teach online at a large public university in the southeastern United States. We received
99 usable responses for a response rate of 12%. According to the “10 times” rule, the sample size should be at
least 10 times the number of incoming paths to the construct with the greatest number of incoming paths
(Barclay, Higgings and Thompson, 1995, Chin and Newsted, 1999, Hair et al., 2017). Therefore, the sample size

is sufficient.

3.3 Profile of respondents

A greater percentage of the respondents were female (68.69%). As displayed in Table 2, the greatest number of
respondents came from the College of Liberal Arts (24.24%), Business (23.23%), and Education (19.19%).

Table 2: Respondent’s college

College Percentage
Liberal Arts 24.24%
Business 23.23%
Education 19.19%
Nursing 15.15%
Sciences 13.13%
Arts 3.03%
Engineering 2.02%

As displayed in Table 3, most of the respondents (78.79%) designed and taught an online course.

Table 3: Experience of respondents

Experience of Respondents Percentage
Taught an online course (only) 10.10%
Designed an online course (only) 0.01%
Designed and Taught an online course 78.79%
None of the Above 11.11%
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3.4 Data analysis

We analyzed the data using structural equation modeling (SEM). Given our small sample size (n=99) and the
corresponding lack of statistical power in utilizing a covariance-based approach (Westland, 2010), we selected
the partial least squares (PLS) approach, specifically Smart PLS 3.0 (Ringle, Wende and Becker, 2015) software.
We selected to utilize PLS, because it is the recommended method when the sample size for the data is limited
(Barclay, Higgings and Thompson, 1995, Chin, Marcolin and Newsted, 2003, Chin and Newsted, 1999, Gefen,
Straub and Boudreau, 2000, Hair et al., 2017).

3.5 Measurement model

The first step in a PLS analysis is the analysis of the measurement (or outer) model. Following the procedures
outlined by Wright et al. (2012), our first step was the creation of a first-order measurement model. We began
by analyzing the loadings and cross-loadings of all items to ensure that they each loaded on their respective
constructs (see Table 4). As some items exhibited a coefficient alpha below the .70 threshold (Nunnally, 1978),
they were removed from further analysis. We were thus able to simplify the model while ensuring that the
sampling domain had been adequately captured (Churchill, 1979) without including items that make
progressively less of an impact on the reliability (Carmines and Zeller, 1979). We then reanalyzed the loadings
and cross-loadings of the items, and all loadings were greater on the intended construct than on any other
constructs. Consequently, upon determining that none of the remaining items loaded higher on any construct
other than the intended construct, we retained all the items.

Table 4: Loadings and Cross Loadings

Loadi and Cross Loading;
Intentio Compatibil Ease Image Relative Result Trialabilli Visibili Voluntarin Absorpti Dedicati Vigor
n ity of Advanta Demonstrabil ty ty ess on on
Use ge ity
INTENT1 0.923 0.636 0.24 - 0.306 0.255 0.099 0.03 -0.168 0.487 0.514 0.526
0.258
INTENT2 0.908 0.555 0.351 - 0.368 0.234 0.141 0.005 -0.141 0.406 0.479 0.521
0.242
PCI-COMP1 0.56 0.961 0.375 - 0.623 0.631 0.337 -0.021 -0.115 0.618 0.657 0.677
0.167
PCI-COMP2 0.644 0.957 0.384 - 0.633 0.621 0.327 -0.018 -0.164 0.614 0.74 0.699
0.127
PCI-COMP3 0.67 0.954 0.377 - 0.59 0.567 0.26 0.061 -0.168 0.539 0.642 0.646
0.081
PCI-EOU3 0.32 0.396 1 - 0.317 0.419 0.285 -0.098 -0.045 0.248 0.338 0.355
0.074
PCI-IMG1 -0.168 -0.084 -0.02 0.845 0.187 0.054 0.118 0.071 -0.088 -0.04 -0.006 0.042
PCI-IMG2 -0.189 -0.08 0.041 0.922 0.208 0.088 0.174 0.209 -0.069 -0.099 -0.07 -
0.041
PCI-IMG3 -0.304 -0.155 - 0.956 0.13 -0.002 0.089 0.042 -0.08 -0.094 -0.036 -
0.153 0.066
PCI-RA2 0.378 0.605 0.364 0.139 0.898 0.515 0.146 -0.125 -0.124 0.507 0.657 0.678
PCI-RA4 0.305 0.551 0.144 0.131 0.874 0.523 0.073 -0.104 -0.126 0.473 0.665 0.583
PCI-RA5 0.259 0.51 0.324 0.19 0.828 0.473 0.217 -0.069 -0.11 0.384 0.517 0.453
PCI-RD1 0.228 0.531 0.339 0.032 0.517 0.908 0.178 0.062 -0.031 0.527 0.56 0.549
PCI-RD3 0.26 0.624 0.424 0.039 0.545 0.918 0.234 0.043 -0.198 0.555 0.634 0.522
PCI-TRIAL1 0.216 0.249 0.231 -0.06 0.125 0.04 0.724 0.051 -0.059 0.121 0.159 0.197
PCI-TRIAL2 0.023 0.267 0.228 0.23 0.133 0.287 0.863 0.061 0.154 0.164 0.156 0.248
PCI-VIS2 0.02 0.006 - 0.124 -0.117 0.057 0.071 1 -0.014 -0.016 -0.092 -
0.098 0.091
PCI-VOLL1 -0.15 -0.143 - - -0.106 -0.141 0.032 -0.025 0.952 -0.203 -0.167 -
0.072 0.079 0.014
PCI-VOL2 -0.174 -0.155 - - -0.155 -0.11 0.111 -0.005 0.972 -0.248 -0.207 -
0.022 0.073 0.051
TEACH-ENG- 0.243 0.293 0.081 0.071 0.334 0.333 0.245 0.019 -0.107 0.713 0.351 0373
ABI1
TEACH-ENG- 0.338 0.468 0.056 - 0.304 0.489 0.166 0.046 -0.336 0.845 0.54 0.402
AB2 0.145
TEACH-ENG- 0.281 0.388 0.048 - 0.27 0.304 0.194 0.027 -0.206 0.757 0.357 0.329
AB3 0.103
TEACH-ENG- 0.45 0.632 0.253 - 0.491 0.58 0.066 -0.059 -0.2 0.842 0.649 0.557
AB4 0.145
TEACH-ENG- 0.52 0.542 0.428 - 0.586 0.522 0.091 -0.064 -0.08 0.732 0.688 0.587
AB5 0.055
TEACH-ENG- 0.409 0.634 0.276 - 0.711 0.619 0.281 -0.086 -0.094 0.651 0.923 0.735
DE2 0.031
TEACH-ENG- 0.53 0.645 0.312 - 0.617 0.594 0.115 -0.163 -0.212 0.628 0911 0.77
DE3 0.057
TEACH-ENG- 0.417 0.59 0.286 - 0.539 0.575 0.128 0.018 -0.227 0.553 0.797 0.592
DE4 0.017
TEACH-ENG- 0.556 0.638 0.316 -0.09 0.64 0.522 0.16 -0.08 -0.17 0.601 0.887 0.672
DES5
TEACH-ENG- 0.633 0.711 0.26 - 0.567 0.533 0.176 -0.101 -0.026 0.555 0.694 0.86
VIl 0.116
TEACH-ENG- 0.428 0.611 0.339 - 0.65 0.541 0.404 -0.052 -0.019 0.566 0.743 0911
VI2 0.015
TEACH-ENG- 0.42 0.497 0.324 - 0.513 0.44 0.131 -0.085 -0.051 0.414 0.602 0.822
VI6 0.032
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We next evaluated the reliability, discriminant, and convergent validity of the first-order measurement model.
Utilizing the item loadings, we calculated the internal composite reliability (ICR) to evaluate the measure’s
reliability, finding that all the dimensions exceeded the .70 threshold and were all above 0.78 (Table 5).

Table 5: Composite Reliability and Average Variance Extracted (AVE)

Composite Average
Reliability Variance
Extracted
(AVE)
Absorption 0.885 0.608
Compatibility 0.971 0.917
Dedication 0.933 0.776
Ease of Use 1 1
Image 0.934 0.826
Intention 0.912 0.838
Relative Advantage 0.901 0.752
Result Demonstrability 0.909 0.834
Trialabillity 0.775 0.634
Vigor 0.899 0.748
Visibility 1 1
Voluntariness 0.962 0.926

Moreover, to estimate convergent validity, we evaluated each dimension’s average variance extracted (AVE).
Utilizing the threshold value of 0.50 for AVE (Barclay, Higgings and Thompson, 1995), our findings support
convergent validity (Barclay, Higgings and Thompson, 1995).

4. Discussion

Our results indicate that certain factors in the PCI model predict intention, while other factors do not exert
significant influence. Specifically, compatibility (8 = 0.343, t=3.271, p <0.01) measures whether an innovation is
consistent with the set of norms, values and other cultural aspects or religious beliefs that predominate in the
population. Result demonstrability (B = 0.284, t=3.459, p <0.01) measures the degree to which the results of
using an innovation are perceived to be tangible. Relative advantage (B = 0.335, t=3.480, p <0.01) indicates that
an innovation will be adopted more widely when it is considered superior to the alternative solution that it
replaces. All three above mentioned factors influence faculty engagement. However, image (p =-0.104, t=1.136,
ns), ease of use (B = -0.006, t=0.092, ns), trialability (B = 0.038, t=0.658, ns), voluntariness (p = -0.051, t=0.928,
ns), and visibility (B = -0.014, t=0.202, ns) do not impact faculty engagement. Moreover, all three of the first
order constructs were components of the second order construct of engagement: vigor (B = 0.875, t=30.959, p
<0.001); dedication (B = 0.922, t=76.439, p <0.001); and absorption (B = 0.858, t=30.374, p <0.001). Finally,
faculty engagement influences intention to teach an OL course (B = 0.602, t=12.145, p <0.001). The results are
displayed in the structural model in Figure 1.
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Figure 1: Research model

As the number of online learning courses offered at universities continues to increase, we propose that
examining the factors that influence instructor’s intention to teach an online course in addition to their
engagement in teaching online courses represents an important contribution to the body of knowledge.
Knowledge of the significant factors in addition to the unrelated factors enables universities to better target
their efforts at motivating and engaging their faculty to teach OL courses. By demonstrating that certain factors
do not influence a faculty’s level of engagement or motivation, a university can instead focus on the factors with
stronger influence.

Specifically, the findings indicate that result demonstrability, relative advantage, and compatibility influence a
faculty's level of engagement in an online course, which in turn influences their intention to teach an OL course.

We will now discuss each of the PCl characteristics that influence faculty engagement and intention to teach an
OL course.

4.1 Relative Advantage

Relative advantage describes the degree to which an instructor perceives teaching online as being better than
teaching face-to-face. Thus, our findings demonstrate the importance of an instructor understanding the
benefits of teaching online versus teaching face to face. By explaining the benefits to the faculty, instructors can
begin to focus on some of the positive aspects of teaching OL courses. Moreover, explaining how OL courses are
desired by students and can benefit some underserved students can assist in strengthening the perceived
relative advantage of OL courses. For example, students who work full-time are often required to attend classes
after a long day of work. With online courses, the students are able to time shift their coursework, listening to
lectures and completing assignments on days when they are not already exhausted from a long workday.

4.2 Compatibility

Compatibility refers to the degree to which teaching online is perceived as being consistent with the existing
values, needs, and past experiences of potential instructors. Just as students' schedules have become busier,
instructor’s time is often split between research, service, and personal activities. Therefore, the benefits that
students are seeking from the flexibility of online learning courses can also be found for instructors. Instructors
with heavy research, service, or personal responsibilities may value the flexibility that teaching online learning
courses offers, as it may correspond with their existing needs and can therefore be compatible with their
teaching preferences.

4.3 Result demonstrability

Result demonstrability is characterized as the extent to which teaching online is perceived as having measurable
advantages that can be explained by the instructor. Result demonstrability involves the instructor being familiar
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with the benefits and struggles with online learning. This knowledge should include the ability to communicate
both the benefits and difficulties with teaching online. Studies demonstrate the benefits of providing realistic
portrayals (Buckley et al., 1998, Schwarz, 2011, Schwarz, 2015, Schwarz and Zhu, 2015, Wolverton et al., 2020).
Thus, increasing knowledge of the realistic struggles of shifting their teaching paradigm to support online
education, rather than merely marketing the benefits of online learning, can provide the instructor with greater
confidence in their level of knowledge. This assurance can also provide the instructors with a greater ability to
communicate about their experiences with teaching online. As faculty members tend to listen to their
colleagues, this firsthand communication is vital.

4.4 Non-significant factors

Almost as important to consider as the significant factors are the characteristics that do not influence a faculty
member’s level of engagement in OL courses and their intention to teach online. These include image,
voluntariness, visibility, ease of use, and trialability. Therefore, resources invested in increasing the pressure to
teach online learning courses or increasing the status of teaching online courses will be ineffective. Furthermore,
resources spent to ensure that it is easy to teach online courses or spending resources to provide exposure to
online teaching will not influence an instructor’s intention to teach online.

Resources are better spent focusing on the relative advantage of online learning, the measurability of online
learning, and the way in which it can be compatible with instructors teaching preferences. By focusing on the
factors that most strongly influence faculty engagement and intention to teach OL courses, resources can be
more efficiently utilized to fulfill the need to offer more online courses. Specifically, we offer a couple of pointers
to guide institutional practices:

1. Faculty need to be supported for their OL teaching (Van Wart et al., 2019). Research indicates that
millennials, who represent the future of the faculty, seek employment at organizations where they feel
valued (Carraher Wolverton, Credo and Matherne, 2021). Therefore, if faculty are needed to teach
online courses and be engaged in their teaching, then they should be supported and engaged.

2. Faculty are more likely to devote time to OL practices if they see benefits or receive rewards or
recognition for doing so (Van Wart et al., 2019). Due to their heavy workloads, it is very helpful to give
the faculty time to experiment with OL teaching (Kumar et al., 2019).

3. Supportive networks can facilitate the diffusion of OL teaching. Training and workshops can encourage
adoption of OL teaching (Mansbach and Austin, 2018). IT specialists and library representatives can be
important in the OL course design. Students can play an important role in the evaluation of the resources
(Khan et al., 2017).

5. Limitations

Although we found some interesting findings and useful results, our study was not without some areas for
improvement. First, we utilized PLS for data analysis. Some researchers question the use of PLS for data analysis,
claiming that it can allow for mis-specified measurement models based upon the fit indices that are typically
reported (Gefen, 2019). However, others argue that PLS is a robust method (Sarstedt et al., 2020), and it has
been extensively used in IS research (Kock and Hadaya, 2018).

Others might argue that our sample size was small, with 99 respondents. Therefore, we would encourage other
researchers to replicate our study. However, according to the “10 times” rule (Barclay, Higgings and Thompson,
1995, Chin and Newsted, 1999, Hair et al., 2017), the sample size is sufficient to run our model.

6. Opportunities for future research

The researchers postulate that this study enables the beginning of a new stream of research into faculty
engagement. The research stream of student engagement is healthy and diverse, yet there is a paucity of studies
from the faculty lens. We postulate that if we can understand how to engage our best faculty in online education,
then the students will be more engaged. At this point, however, there is no scientific way of knowing this,
because it has never been studied; and, until now, we have never had a faculty engagement construct available
to conduct these studies. Therefore, we encourage researchers to study the impact of faculty engagement on
phenomenon such as student engagement, faculty burnout, and student learning.
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With the collection of additional data, other relationships could be examined. For example, by surveying
individuals who teach online and those who do not teach online, a researcher could investigate whether
differences exist between continuance intentions and intentions to adopt.

7. Conclusions

As the number of OL courses increase, we must ensure that we have the faculty necessary to teach these
courses. Therefore, in this study, the researchers seek to understand how to encourage and motivate more
instructors to be involved in online teaching. Specifically, we have extended the perceived characteristics of
innovation (PCl) model to examine its influence on faculty engagement and intention to teach online learning
courses.

Although student engagement has been rather extensively studied, scant research has investigated the
importance of faculty engagement in improving student learning. Through this study, we provide items to
measure faculty engagement, which are adapted from an established student engagement measure (Schaufeli
et al., 2002). Therefore, this represents a contribution to the engagement literature. We also contribute to the
online learning literature by examining the influence of the PCl characteristics on faculty engagement and
intention to teach OL courses.

The findings from this study can be utilized to understand the characteristics that engage faculty in OL courses
and spur them on to teach OL courses. As demand for OL courses continues to increase, universities will need
engaged faculty to provide high-quality education to students from all areas. This study seeks to enhance this
effort, as we continue to move into the digital revolution.
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